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Main	
  MARKETING	
  ASSETS	
  for	
  a	
  company	
  

Brand	
  Sales,	
  Brand	
  Loyalty,	
  Brand	
  Love,	
  Brand	
  Personality	
  
Brand	
  Engagement,	
  Brand	
  Emo+onal	
  A;achment	
  

Strategy	
  
based	
  on	
  
Knowledge	
  

Brand	
   Clients	
  

Chaudhuri	
  &	
  Holbrook	
  (2001);	
  Batra,	
  Ahuvia	
  &	
  Bagozzi	
  (2012);	
  Chen,	
  Nelson	
  &	
  Hsu	
  (2015);	
  Hollebeek,	
  Glynn	
  &	
  Brodie	
  (2014);	
  Mallar	
  et	
  al.	
  (2014)	
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What’s	
  new?	
  

What has changed 
in the last  

10 years? 
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11	
  years	
  ago….March	
  2006	
  in	
  CA	
  	
  

Don’t	
  talk	
  to	
  
me	
  anymore.	
  
Tweet	
  me	
  

Jack	
  Dorsey,	
  Evan	
  Williams,	
  Biz	
  Stone	
  and	
  Noah	
  Glass	
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Today	
  

328 million monthly  
active users 

500 million tweets 
per day 

 
In	
  2016,	
  the	
  company	
  generated	
  more	
  than	
  2.25	
  
billion	
  US	
  dollars	
  in	
  adver+sing	
  service	
  revenues	
  

h;p://www.internetlivestats.com/one-­‐second/#tweets-­‐band	
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CHIARA	
  FERRAGNI	
  
30y	
  

Dior,	
  Chanel,	
  Moschino,	
  
Saab,	
  Mercedes	
  
Armani,	
  Nike,	
  	
  
Pull&Bear,	
  
Pronovias	
  
Max	
  Mara	
  
Pantene	
  
	
  
	
  
HBR	
  Case	
  2014	
  

Chiara	
  Ferragni	
  Collec+on	
  

10.5M	
  followers	
  in	
  
Instagram	
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SoT	
  and	
  hard	
  analy4cs:	
  	
  
from	
  word	
  cloud	
  to	
  ML	
  

My LinkedIn 

Clusters:	
  
•  Market	
  Research	
  
•  Tourism	
  
•  MK:	
  VLC/SP/

Interna+onal	
  
•  Other	
  clusters	
  

F. 

Social	
  Network	
  Analysis	
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SoT	
  and	
  hard	
  analy4cs:	
  	
  
from	
  word	
  cloud	
  to	
  ML	
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Today’s	
  digital	
  environment	
  empowers	
  
consumers	
  

UGC	
  is	
  named	
  as	
  eWOM,	
  electronic	
  word	
  of	
  
mouth	
   Any	
  posi+ve	
  or	
  nega+ve	
  statement	
  made	
  by	
  poten+al,	
  actual,	
  or	
  

former	
  customers	
  about	
  a	
  product	
  or	
  company,	
  which	
  is	
  made	
  
available	
  to	
  a	
  mul+tude	
  of	
  people	
  and	
  ins+tu+ons	
  via	
  the	
  Internet.	
  
Hennig-­‐Thurau,	
  Qwinner,	
  Walsh	
  &	
  Gremler	
  (2004)	
  JIMk	
  

More	
  
influen+al	
  
on	
  brand	
  
choice	
  

Data	
  
availability	
  
(massive,	
  
instant)	
  	
  

New	
  paradigm:	
  
theore+cal	
  
rooted	
  and	
  
boosted	
  by	
  
analy+cs	
  

3	
  consequences	
  that	
  enhance	
  brand	
  produc+vity	
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UGC:	
  A	
  bundle	
  of	
  “recent”	
  op4ons	
  

Source:	
  Own	
  elabora+on	
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Is this just for 
 FUN & 

ENTERTAINMENT? 
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Fun	
  or	
  $?	
  

United	
  Breaks	
  Guitars	
  is	
  a	
  song	
  by	
  	
  
Dave	
  Carroll	
  posted	
  on	
  	
  
It	
  chronicles	
  a	
  real-­‐life	
  experience	
  of	
  how	
  
his	
  guitar	
  was	
  broken	
  during	
  a	
  trip	
  on	
  
United	
  Airlines	
  in	
  2008,	
  and	
  the	
  
subsequent	
  reac+on	
  from	
  the	
  airline.	
  The	
  
song	
  has	
  more	
  than	
  17.7M	
  YouTube	
  views,	
  
he	
  published	
  a	
  book,	
  a	
  blog,	
  a	
  Wikipedia	
  
page	
  ….	
  
within	
  4	
  weeks	
  of	
  the	
  video	
  being	
  posted	
  online,	
  United	
  Airlines'	
  stock	
  price	
  fell	
  10%,	
  cos+ng	
  
stockholders	
  about	
  $180	
  million	
  in	
  value	
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Data	
  Revolu4on	
  

Enrich	
  data	
  environments,	
  such	
  as	
  UGC	
  
o  Data/Text/Image	
  Mining	
  
o  ANN,	
  Automa4c	
  Machine	
  Learning,	
  Deep	
  Learning	
  
o  Agent-­‐Based	
  Modeling	
  
o  Markov	
  Chain	
  Monte	
  Carlo	
  

	
  
Transforma4on	
  of	
  Marke4ng	
  Science	
  

o  From	
  Standardiza4on	
  to	
  Personaliza4on	
  
o  Deeper	
  service	
  rela4onships	
  
o  Dynamic	
  customer	
  interac4on	
  
o  Customized	
  Rela4onship	
  Management	
  

Rust & Huang (2014) and  Bigné (2015) 
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UGC:	
  General	
  findings	
  

•  has	
  no	
  age	
  
•  is	
  more	
  memorable	
  than	
  other	
  media	
  sources	
  
•  brands	
  are	
  increasingly	
  inves+ng	
  (marketers	
  expected	
  to	
  

expand	
  social	
  media	
  spend	
  by	
  89%	
  in	
  next	
  5	
  years-­‐Duke	
  CMO	
  
Survey)	
  

•  is	
  boos+ng	
  sales	
  and	
  also	
  Brand	
  Loyalty,	
  Brand	
  Love,	
  Brand	
  
Personality,	
  Brand	
  Engagement,	
  Brand	
  Emo+onal	
  A;achment	
  

•  Available	
  data	
  from	
  consumers	
  
•  New	
  type	
  of	
  analy+cs	
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How	
  does	
  UGC	
  affect	
  brand	
  performance?	
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3	
  meta-­‐analysis	
  in	
  a	
  few	
  words	
  	
  
+	
  than	
  100	
  studies	
  

•  Online	
  reviews:	
  Higher	
  sales	
  elas+ci+es	
  by:	
  
– Experts,	
  third	
  party	
  website,	
  review	
  valence	
  and	
  
review	
  volume	
  

•  Online	
  reviews,	
  SM	
  and	
  blogs:	
  Higher	
  sales	
  
elas+ci+es	
  for:	
  
– Durables,	
  low	
  triability	
  products,	
  specialized	
  sites,	
  
insensi+ve	
  to	
  planorms	
  

•  eWOM:	
  sales	
  in	
  e-­‐commerce	
  >	
  than	
  in	
  SM,	
  and	
  
no	
  differences	
  across	
  tangible	
  goods,	
  services,	
  and	
  digital	
  
products,	
  or	
  between	
  hedonic	
  and	
  u+litarian	
  products	
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UGC	
  leads	
  to	
  enhance	
  brand	
  produc4vity	
  

Two	
  answers	
  to	
  two	
  ques+ons	
  
① Do	
  DMOs’	
  tweets	
  enhance	
  hotel	
  occupa+on?	
  

② How	
  can	
  managers	
  handle	
  mul+ple	
  planorms	
  
of	
  online	
  reviews?	
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Tourism	
  Des4na4on	
  Tweets	
  Predict	
  Hotel	
  
Occupancy:	
  An	
  ANN	
  Study	
  

Tweets	
  of	
  a	
  tourism	
  des4na4on	
  can	
  be	
  sorted	
  
into	
  4	
  types:	
  
•  events	
  held	
  at	
  the	
  des+na+on	
  
•  resources/adrac4ons	
  located	
  at	
  the	
  
des+na+on	
  

•  a	
  friendly	
  online	
  atmosphere	
  between	
  DMO	
  
and	
  the	
  user	
  

•  marke4ng	
  ac4vi4es	
  by	
  the	
  DMO	
  
Which	
  one	
  impacts	
  more,	
  if	
  any,	
  on	
  hotel	
  

occupancy	
  (third	
  party)?	
  

	
  Bigné,	
  Andreu	
  &	
  Oltra	
  (2017)	
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Data	
  analysis	
  steps:	
  	
  
	
  
1)  Data	
  Extrac7on.	
  

Twi;er	
  API:	
  (1)	
  original	
  tweets	
  by	
  DMOs,	
  (2)	
  retweets	
  by	
  DMOs,	
  (3)	
  
replies	
  by	
  DMOs,	
  (4)	
  retweets	
  by	
  users,	
  (5)	
  favorites	
  by	
  users.	
  	
  	
  	
  

1.	
  Extrac+on	
   2.	
  Analysis	
   3.	
  Treatment	
  

2)	
  Data	
  Analysis.	
  Text	
  mining	
  tools:	
  	
  
	
   	
  	
  	
  	
  	
  	
  generates	
  files	
  that	
  contain	
  informa+on	
  and	
  tokens.	
  	
  

generates:	
   (1)	
   keywords	
   analysis;	
   (2)	
   co-­‐occurrence	
  
analysis;	
   (3)	
   en++es	
   extrac+on	
   and	
   representa+on;	
  
and	
  (4)	
  crosstab.	
  	
  

3)	
  Treatment:	
  Ar7ficial	
  Neural	
  Networks,	
  ANN	
  
Mul+layer	
  Perceptron	
  Network	
  ANN	
  with	
  feedforward	
  architecture	
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  CO-­‐OCCURRENCE	
  ANALYSIS:	
  visual	
  overview	
  of	
  the	
  categories	
  of	
  tweets.	
  	
  
Associa+on	
  strength	
  -­‐-­‐-­‐>	
  rela+on	
  intensity	
  between	
  keywords.	
  
	
  
	
  
	
  

Strength:	
  

0	
  -­‐	
  0,4	
  

0,41-­‐	
  	
  0,7	
  

0,71-­‐1	
  

Co-­‐ocurrence	
  Map	
  of	
  @ZaragozaTurismo	
  

Tweets	
  Categories:	
  

Resources	
  

Marke+ng	
  

Events	
  

Tourism	
  Des4na4on	
  Tweets	
  Predict	
  Hotel	
  
Occupancy:	
  An	
  ANN	
  Study	
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•  Hotel	
   occupancy	
   rate	
   is	
   influenced	
   by	
   a	
   third	
   party	
  
ac+vity	
  (DMOs):	
  

	
  
o (1)	
  event	
  tweets	
  (higher	
  than	
  other	
  type	
  of)	
  and	
  (2)	
  
retweets	
  by	
  DMOs,	
  	
  

o (3)	
  tweets	
  and	
  (4)	
  retweets	
  by	
  users.	
  	
  
	
  

.	
  	
  
	
  

	
  

Conclusions	
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Simplifying	
  Massive	
  Data	
  Managing	
  
Enhances	
  managerial	
  produc4vity	
  

Now, imagine you are a manager handling 
multiple sources of data. How can you cope 
with it? 

 
 
Data set: online reviews from  
1,165 hotels  
7 variables  
8 platforms  
27 consecutive months 
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Simplifying	
  Massive	
  Data	
  Managing	
  
Enhances	
  managerial	
  produc4vity	
  

Data set: online reviews 
from  
1,165 hotels  
7 variables  
8 platforms  
27 consecutive months 

Bigne, William & Soria, in 
progress. Do not reproduce 

Self-­‐Organized	
  Map,	
  SOM	
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Conclusions	
  

① 	
  eWOM	
  affects	
  sales	
  with	
  small	
  budgets	
  
② 	
  Magnitude	
  is	
  unclear	
  àInconclusive	
  results:	
  Seiler	
  

(2017,	
  ar+cles	
  in	
  advance)	
  
o Twi;er	
  increases	
  demand	
  0.2	
  
o TV	
  adver+sing	
  increase	
  demand	
  in	
  0.12	
  

③ 	
  Paid	
  media	
  (adver+sing)	
  vs.	
  earned	
  media	
  (ewom):	
  	
  
	
  à	
  Paid	
  media	
  has	
  more	
  exposures	
  but	
  earned	
  media	
  is	
  	
  
	
  more	
  impacnul	
  (Love;	
  and	
  Staelin,	
  2016)	
  

④ New	
  tools	
  for	
  brand	
  evalua+ons	
  enhance	
  brand	
  
produc+vity	
  and	
  effec+veness	
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Future	
  direc4ons	
  

In	
  Mou+nho,	
  Bigne	
  and	
  Manrai	
  (2014).	
  The	
  Future	
  of	
  MarkeDng	
  

New	
  agents	
  
New	
  research	
  with	
  a	
  focus	
  on	
  
USERS	
  as	
  producers	
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